AN ADAPTIVE VIDEO SURVEILLANCE ARCHITECTURE
FOR BEHAVIOR UNDERSTANDING

Zini L., Noceti N., Odone F.
DISI, Universita di Genova — Via Dodecaneso 35,16146 Genova, ITALY

{zini,noceti, odone}@disi.unige.it

Adaptivity to scene changes is a main requirement for video analysis. The interpretation of video streams can be dealt by triggering different techniques depending
on the scene properties. We design a video surveillance architecture where different tasks in the context of behavior analysis are addressed, depending on the crowd
level. An estimation of the scene occupancy allows us to focus on single person or groups, adopting appropriate strategies to model the dynamic information.
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What if the number of people increases too much? In this case the tracking fails to compute reiliable descriptions of the scene dynamic

A module for people counting

Camera calibration Idea Algorithmic details
It a full camera calibration 1s not available we may e The area occupied by each person in the scene 1s the Coarse analysis as in [1]
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Results The plan of my Phd

The people counting module has been integrated into the existing architecture. It
allows us to trigger different techniques depending on scene occupation level
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The study and development of the dotted box content will be the focus of my work
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